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Neural networks in cosmological data analysis

Isidro Gémez-Vargas'® and José Alberto Vazquez!
'Instituto de Ciencias Fisicas, UNAM.

N-BODY SIMULATIONS

Classification and regression applications using information from N-body
simulations.

OVERVIEW

We present our recent insights in different cosmological contexts. We show
a methodology for neural networks to perform model-independent recons-
tructions of cosmological functions. In addition, we suggest using genetic
algorithms to find their hyperparameters. Furthermore, we include some
applications for N-body simulations. Finally, we propose a method to ac-
celerate Bayesian inference using neural networks.
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